
A Study of Finetuning Video Transformers 
for Multi-view Geometry Tasks

Huimin Wu1, Kwang-Ting Cheng1, Stephen Lin2, Zhirong Wu2

1The Hong Kong University of Science and Technology 2 Microsoft Research Asia

1

AAAI 2026



Problem Definition: Multi-view Geometry Tasks
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GeoViT: A New Paradigm

Custom architectural designs

 

 Task-specific pretraining

 General-purpose models 
 Pretrained on videos 

 Readily transferred
 Minimal adaptation to multi-view problems 

 Core insight: General-purpose attention

learns temporal and spatial information for 

geometric reasoning.

Previous methods Our innovation



Video Foundation Models
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MAE_st pretraining (cited from Feichtenhofer, C.; et al, 2022.)

Feichtenhofer, C.; Li, Y.; He, K.; et al. 2022. Masked autoencoders as spatiotemporal learners. Advances in neural information processing systems, 35: 35946–35958. 



Adapting 3D ViT for Geometry Tasks



Optical Flow Estimation Results

Cross-dataset generalization



Visualized Comparison: Simple Linear Decoding vs. Iterative Refinement Decoding



Optical Flow Estimation Results

Sintel benchmark



Optical Flow Estimation Results

KITTI benchmark



Visualized Comparison on Sintel



Stereo Matching Results

ETH3D benchmark



Two-view Depth Estimation Results

DeMoN benchmark



THANK YOU!
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